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Abstract 

Generative Artificial Intelligence (AI) has become a more insidious part of the newsroom process, 

changing reporting, content creation, editing, distribution and audience engagement. This paper aims 

to review published literature on generative AI in the field of journalism, focusing on the impact on 

journalistic work, the conflict between professional autonomy and control, ethical management, and 

trust in media. According to the literature, AI is primarily supporting rather than fully replacing 

journalists, mainly in the areas of transcription, translation, summarisation, ideation, headline 

writing, editing and content personalisation. But as it increasingly becomes incorporated into their 

practice, there is concern about accuracy, algorithmic bias, representation, copyright, editorial 

independence, deskilling, platform dependency, and accountability. The review also fosters the idea 

that the public reaction to journalism by AI is situational and isn't inherently bad. However, the less 

AI use that a bot appears to be using, the more trustworthy it will seem, and disclosure of good 

sourcing, human verification, institutional trust and true editorial control can improve the bot's level 

of trust. Geographical, linguistic, organisational and resource disparities are among the significant 

differences in the uptake of AI, there is evidence. The paper proposes a human-centred, accountable 

approach comprising of AI literacy, data-quality controls, proportional disclosure, transparency of 

sourcing and enforceable human responsibility. It concludes that future research needed to use 

longitudinal and comparative studies to look into the impact of the adoption of Artificial Intelligence 

in journalism in terms of quality of journalism, labour, autonomy, and public trust over time. 
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Introduction: Mapping the Newsroom’s Generative AI Transition 

From Experimental Tool to Editorial Infrastructure 

Generative AI has progressed from individualized trials to being integrated into everyday editorial, 

commercial, and distributional processes. The uses described by news workers are related to the 

collection of information, its production, targeting the audience, and publication, but these are not the 

same across all tasks, nor are they as uniformly institutionalized as they may seem (Simon, 2025). The 

shift thus relates not just to automated writing, then. It is also about: who chooses information, how 

that choice can be explained from the editorial position, what skills are still "in" journalism and what 

people expect to be included in a journalist's work. 

 

Review Scope Across Journalism Studies, Media Ethics, and Human–Computer Interaction 

Generative AI moves beyond individual tests toward embedding into a daily workflow of editorial, 

commercial and distributional activities. News uses, as described by those associating with news, are 

connected to how information is collected, produced, addressed to audiences and published, but there 

is not always a consistency in these uses across all news tasks and it is not as monolithic and 

institutionalized as it might appear (Simon, 2025). The shift thus relates not just to automated writing, 

then. It is also about: which information is selected, why this information can be considered as a 

selection based on an editorial perspective, which skills are still present in journalism, and which skills 

the public wants to see in the work of the journalist. 
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Where Generative AI Enters the News Workflow 

Reporting, Transcription, Translation, Ideation, and Automated Content Production 

While generative AI can be integrated into journalism in multiple ways, current applications focus 

more on augmenting current tasks than replacing editorial responsibilities en masse. The interviews of 

forward-thinking journalists in The Netherlands and Denmark identified 16 different usage areas, most 

of which were directed at production and distribution but not at initial reporting (Cools &Diakopoulos, 

2024).Journalists employ LM for summarizing documents, producing drafts, translating/transcribing, 

key information extraction, generating headlines, and adapting documents for various channels. A 

study on Belgian and Dutch journalists also showed that the use of generative AI for news production 

is more of continuity in their processes, where the majority of users are using the technology mostly in 

tasks that rely on text, as opposed to a reorganisation of their production system (D‟haeseleer et al., 

2025). 
 

The extremes of this spectrum are represented by ideation. AngleKindling is an interactive system that 

was co-designed with journalists; it helps users identify potential angles in the press release with the 

aid of a language model. In comparison with previous ideation system, testing the system with 

professional journalists found that this system is significantly more helpful and less cognitively 

demanding, and has increased impact in critical analysis of claims and frames (Petridis et al., 2023). 

This finding supports an "augmented" hypothesis, in which AI can help offer up additional possible 

angles but it is still the decision of the journalists whether or not that is a newsworthy angle and 

whether there is ample evidence to support or justify providing it. 
 

Its better known in a structured input such as code to generate content automate. UK newsrooms 

locally use material that was created via RADAR using public datasets, whereas human journalists 

build algorithms and local teams determine what outputs are relevant to their audiences (Thäsler-

Kordonouri&Barling, 2023).While the latter type of reporting is appropriate for repetitive reports with 

stable data, the former type of reporting would require source evaluation, contextual interpretation, 

and/or verification, which language modeling cannot reliably provide. A systematic review shows that 

automated writing, data analysis and personalisation are widely used – but the numbers refer to a 

variety of studies and organisations, and there is no standard practice across newsrooms (Sonni et al., 

2024). Repurposing verifications into transcription and translation may shorten routine processing 

time, but also move verifications over. A fluent transcript might misidentify pronunciations, or record 

specialist vocabulary, and a translation could elide culturally specific nuances or reflect a model's 

beliefs of what language is appropriate. The evidence from sub-Saharan African journalists‟ shows 

that ChatGPT comes from a small and uneventful African database and human editing and use of other 

local sources would be required (Gondwe, 2023). Thus, editorials, and the ability to review outputs, 

rather than just having a model, are critical to efficiency. 
 

AI-Assisted Editing, Publishing, Visual Production, and Distribution: AI is used for copy editing 

and headline variations, summarisation, recommendation, personalisation and even social-media 

publishing later on in the workflow. Based on research from top publications in the USA, UK, and 

Germany, one finds AI in the entire gatekeeping process as an instrument to enhance efficiency, 

predictability and the calculability (Simon, 2025). Whilst automated publishing services can select, 

edit, and post material to the social platforms, users and editors express concerns regarding loss of 

editorial control, limited content variety and lower engagement with the content. (Petruccio et al., 

2025). Hybrid models are thus maintained, in the form of automated systems that are integrated into 

other publisher approvals systems. 
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Full of editorial issues, is the introduction of visual generation. When asked about the potential for 

using the images generated by the machine, photo editors in seven countries believe illustration and 

brainstorming are reasonable applications, and name misinformation, copyright violations, being 

biased, hard to detect, replace workers, and impair reputation as potential problems (Thomson et al., 

2024). But it's not just a legal issue – it's also an epistemological issue: an image can be a very 

convincing synthetic creation, even though it does not document an event. This may therefore change 

the reader's view of what journalists are saying in their published work of what they have seen. 

 

Organisations with larger content organisations are now at a stage where they can incorporate 

language-models with a greater level of flexibility due to prior research into structured-content and 

personalised-formats, which has emerged flexible authoring and publishing infrastructures (Caswell, 

2024). This continuity is important as generative AI is not being plugged into a vacuum. It can be 

integrated with the existing databases, content-management systems, platform analytics and 

commercial priorities. The result of these effects, as distributed by these infrastructures, will likely 

vary along a spectrum of discretion between reporters and editors, product teams and technology 

vendors. 

 

Gate keeping Rationalisation and Dependence on Platform Companies 

AI revolutionizes the gate keeping by quantifying and operationally calculating editorial selection. 

Simon's research into the interview process identifies publishers' use of artificial intelligence for 

efficiency and audience reach, which are two desired organizational goals, albeit with new tools used 

to achieve traditional ones. It is there that we have rationalized news work with a technology, without 

necessarily altering the ends of journalism as they are stated. But what can be measured and optimised 

can take precedence over slower, contextual or harder-to-quantify types of editorial judgment. The 

rationalization has impact on institutions' independence as well.  

 

AI can already be seen to increase the reliance of publishers on platforms for distributing content, and 

its extension into production means publishers will soon need comparable systems, which requires 

resources that many don't have using AI (Simon, 2023). This means that the platforms can impact the 

flow of news, as well as the infrastructure used to achieve it (Simon, 2022). Thus, the workflow 

transfer raises questions of ownership, procurement, access to and control over its editorial 

infrastructure. 

 

Journalistic Labor, Professional Autonomy, and Uneven Organizational Adoption:  

Augmented Work, New Skills, and Critical AI Literacy: Labour evidence points to an “augmented” 

view of generative AI, as opposed to a purely substitutive view. Journalists report getting help with 

basic tasks, data management, writing, and/or generating ideas during the process of generating or 

crafting a news story, but maintain control over the content and its publication (Cools &Diakopoulos, 

2024). The systematic review revealed new roles of Journalist-Programmer appearing, as well as 

recurrent concerns about the need for AI literacy, which represent technical skills that are entering the 

scope of professional practice (Sonni et al., 2024). AI literacy, however, also needs to involve a 

questioning of outputs, examining limitations of training and sources, identifying potential bias and 

determining whether an operation can be automated or not. Such literacy is a requirement in the 

organisation as well as on an individual level. They are opaque, meaning journalists often had to rely 

on guesswork or imagination to engage with the results they were given and have limited control over 

what results they are given and how they are designed (BBC, 2022). Together with journalists and 

civil-society and academic experts, workshops are held to discover demands for authoritative 
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educational resources and more representation of experts involved in the debate over AI and 

journalism (Hollanek et al., 2025).Training on the perception of AI being merely a technical tool 

would leave key questions of editorial control unanswered. 

 

Collaboration is important not just for individuals to complete their professional adaptation but also at 

the professional level. Based on the journalist perceptions, suggestions were drawn that technologists 

should build in journalistic ethics in system development, journalists need to be trained in simple 

technical skills, and organisations establish platforms for interaction between journalism and 

technology. These possibilities might render the "model limitations" apparent prior to their inclusion 

in a publication. They could also be more responsive towards journalists in terms of having more sway 

in their procurement and system design, instead of the journalists being mere end users of systems 

designed elsewhere. 

 

Automation, Deskilling, and the Disappearance of Journalistic Tasks: That which automates 

repetitive labour also can curtail the variety of tasks journalists can use to express judgment. 

Centralisation, increased workloads and loss of some of the original activity (Petruccio et al., 2025) 

are the words of editors using automated social-media publishing. Automation can thus be a 

redeployment of labour – less staff might oversee more production, problem solve when things go 

wrong and monitor platform data. At present, published evidence does not prove the overall impact of 

the use of generative AI on the employment generated in the industries. 
 

Another worry follows where generated writing is deemed good enough for routine news in 

organisations. Indeed, automated journalism is often seen as less relevant by local practitioners and a 

reflection of how their working practices and local significance evolve (Thäsler-Kordonouri&Barling, 

2023). Occupational accounts may underestimate the „organisational effects‟, as long as the 

professional identity is associated with an actor. It also points to a quality issue: the more we automate 

our process the less time we have to spend interpreting and greater the volume of output may be. 

This is echoed on the side of journalists. Reviews are optimistic regarding the efficiency and 

effectiveness of AI tools, but also express doubts about their costs, job security implications, and 

ethical considerations (Oh & Jung, 2025). How it is expressed is sometimes that Generative AI is an 

assistant, not a replacement but that does not mean that managerial decisions to remove tasks or focus 

control are precluded. The applicable level of analysis then is that of the labour process of supervision, 

allocation, evaluation and bargaining power. 

Differences Across Local, Public-Service, Global South, and National Newsrooms:  The rate of 

adoption varies depending upon the context and the situation of the language, market condition, 

missions and resources of the organizations. Given that there is often room for manoeuvre, and opaque 

systems can impact on editorial decisions, whilst also being hard to understand by journalists (Jones et 

al., 2022), it is argued that public-service media are under an even greater pressure to be accountable. 

There is a shift from dependency to Organisation Outside (Thäsler-Kordonouri&Barling, 2023) by 

automated content from third parties, reducing the need for technical and editorial tools development 

in-house. Economic factors and sensaciónprofesional (lack of professional confidence) in Spain 
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(Parratt-Fernández et al., 2024) can also be blamed for the low adoption rates among the clients of the 

automated-news providers. 

Learning based on evidence from the Global South undermines assumptions made by major publishing 

companies in the West. In different African countries within the sub-Saharan countries, media 

personnel are reporting on the inability of data sets to adequately represent the population composition 

of different languages and on stereotypes as coded by language models and the prioritization of certain 

forms of language (Gondwe, 2023). While residents of Zimbabwe had mixed opinions on the 

possibility of an AI news presenter, they also commended innovation and asked the AI about the 

accent and emotion as well as how it affects the employment of journalists (Ndlovu, 2024). These 

findings indicate that there are several areas of concern, namely localization, representation in the host 

language and labourconditions that are significant in responsible adoption. Chinese journalists also 

view AI as a tool for efficiency in their work, sort of practical, and refute relatively simplistic claims 

of AI hype and position their reporting in the political and media context (Kuai, 2025). Comparative 

evidence thus allows to give a warning against the universalization of western policies in the 

newsroom. The way organisational adoption is influenced depends on what kinds of media systems 

and infrastructures exist in a particular nation and directly connects to the question of how ethical 

principles are transferred to governance. 

 

Ethical Frameworks and the Emergence of Newsroom Governance 

Accuracy, Bias, Representation, and the Reaffirmation of Traditional Journalistic Values 

When it comes to AI tools in journalistic production, ethical discussion has mainly involved the 

already existing journalistic promises. The principles of accuracy, fairness, privacy, diversity, 

accountability and editorial independence all feature across the realm of scholarship and organisational 

guidance (Porlezza&Schapals, 2024). These principles have not become obsolete, since the capability 

of a generative system to generate plausible language is not constrained based on some scalable 

"evidential grounding" measure. These findings add to previous studies that found that language-

modelers' outputs present a considerable amount of bias towards women and black people, among 

many other biases, in comparison to the Reuters: The New York Times (NYT) reporting (Fang et al., 

2024).This is news finding under prompt which is written in fluent prose but it illustrates why a fluent 

prose can't replace a verification and representational review. 

 

Bias occurs as a result of data, prompts, model design and editorial selection. Journalists in sub-

Saharan Africa report on the inadequacy of databases on the internet to locally reflect what is 

happening, and visual editors are worried about the representation of inauthenticity and bias in 

synthetic images (Gondwe, 2023; Thomson et al., 2024). So, the entire production chain needs to be 

looked into regarding ethics, and not just the end product, which is the article. This encompasses 

notions of accuracy, fairness and transparency in assessing the quality of data collection and pre-

processing, and embedding general journalistic knowledge into the data labelling and preparation 

(Dierickx et al., 2024). 

 

The end-point of the “normative” is not automation per se. Journalism has a democratic purpose which 

can be fulfilled by ensuring accurate, accessible, diverse, relevant and timely information; the criteria 

for assessing AI can be based on whether it serves to further such a purpose (Lin & Lewis, 2022). This 

is not a strategy that takes the view that „eficiency equals public value'. It will also leave space to 

refuse something if a system is unable to meet editorial requirements. 
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Disclosure, Transparency, Explain ability, and Human Accountability 

The numbers of calls for disclosure of automated content, human oversight, explainability, 

accountability and protection of data in organisational guidelines have been on the rise. These 

principles are commonalities across 37 guidelines from 17 countries and guidelines show a bias 

towards Western countries, de‐Lima‐Santos et al., (2024). A different study assessing 52 news 

organisations worldwide shows that while some seem to be converging on transparency and human 

oversight, the differences between the countries and news organisations remain (Becker et al., 2023). 

Although convergence can set out a baseline, it can also emulate institutional models which have been 

constructed in rich media systems. 

 

At best disclosure serves three different purposes: to tell the audience AI was used, to explain to the 

audience what the AI did and to tell the audience to whom the answer was reported. Considering them 

to be fungible leads to low accountability. Most Dutch public focus group participants indicated strong 

interest in the standardization of transparency controls, including source disclosure, and consumer 

accountability and that of news outlets for breaches in transparency rules (Morosoli et al., 2025).But 

transparency in regulation needs to enable effective assessment, and not just a stamp of approval. 
 

Explainability applies to internal users, as well. Without a human mind to choose, summarise or 

prioritise, journalist‟s incompetence to make such judgment on the system is only a façade. An 

example in the BBC problem demonstrates that just because people can formally participate doesn't 

mean that they can make an informed judgement (Jones et al., 2022). Document track of 

accountability, document who/what is responsible, document how to correct, have authority to request 

rejection or correction of system output. 
 

From Organizational Guidelines to Data-Centric and Publicly Accountable AI 

Any published policies are a first layer of governance and do not show that this was effectively 

implemented. AI for journalism is partially alluded to in journalistic organisations' written texts with 

the greatest emphasis placed on the human aspect (as per the findings by Sonia Parratt-Fernández et 

al., 2025). Practical enforcement and system design, procurement and evaluation still exist less widely. 

The influence of the “profession – academic” barrier on whether there are changes in everyday work 

workmanship thus takes place. 
 

One of the paths beyond generic principles is: data-centric governance. This suggested framework can 

connect data quality with the concepts of accuracy, fairness and transparency, transform the notion of 

failure mode and shine light on the relevance of data practices to addressing outputs (Dierickx et al., 

2024).This change is significant for "low-resource" languages, communities and events, especially 

those that are under-represented in training data. Yet it brings with it a diffusion of responsibility – 

journalists, engineers, vendors, managers and regulators all play their part in setting up what can be 

published. 
 

Incorporation of public accountability gives an additional layer. Attitude of the Dutch focus group 

participants was positive towards a participative regulation and standardized sources of disclosure 

(Morosoli et al., 2025). The analysis on transparency rules in Europe suggests that what few have 

definitely clarified yet is in which cases and when news content produced with the assistance of AI 

should be disclosed/promoted as such (Piasecki et al., 2024).Governance should therefore relate 

organisational policies to public expectation, capable and clear explanation, independence and 

mechanisms to correct mistakes. These set ups provide opportunities to evaluate AI journalism for the 

audience. 
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Audience Trust and the Contested Meaning of AI Authorship 

Credibility Comparisons between Human, AI-Assisted, and AI-Authored News 

The overwhelming singly linear relationship between audience and AI authorship is not supported by 

audience research. Three pre-registered studies on the topic of science journalism showed no 

difference in perceived credibility or trustworthiness between AI-generated and human-generated texts 

but saw a decrease in both judgements with evaluative presentation (Lermann Henestrosa et al., 2023). 

In one German experiment conducted by Leuppert et al. (2025), the AI-generated labels also reduced 

source credibility in a similar manner, though the difference between them and the human labels was 

not significant, and the credibility of the message did not appear to differ significantly between the AI-

generated labels group and the unlabeled articles group. These results clearly show a distinction 

between appraisals of the article and appraisals of the source, and they also demonstrate that there are 

differences regarding authorship cues on each of the dimensions of credibility. 

 

For example, an experiment conducted in the United States, with actual news articles written by AI, 

revealed that while AI disclosures did not make participants believe the articles were less accurate or 

unfair, they made them less trust of the articles (Toff& Simon, 2024). The punishment was focused 

amongst individuals with higher prior levels of trust in information and higher journalism expertise, 

and supply listing disclosure discounted a lot of the unfavorable link (Toff& Simon, 2024).An earlier 

online survey resulted in no credibility impact from explanations or transparency, however there were 

positive relationships between institutional credibility, social-media experience and AI experience, and 

credibility within digitally produced expositional content (Hofeditz et al., 2021). The varying response 

to transparency is due to differences in the sample, and in the design, disclosure treatment, and 

definition of outcome. 

 

Qualitative research introduces kind of ambivalent what may be hidden by closed-ended measures. 

Danish news users see potential for optimisation but want their news to be verified and edited by a 

journalist, and are concerned about syntactic mistakes, bias, clickbait, lack of novelty, and that AI 

might replace them (Blom et al., 2025). In another study, focus groups linked AI content to another 

dimension of objectivity and freedom from political or economic influence, but also to a dimension of 

opacity, froidure, little effort and potential corporate bias (Yeste et al., 2025). Thus, trust is not just 

about how well journalism does, it's also about what it's about. 

 

Study Design and 

population 

Authorship or 

disclosure 

comparison 

Main endpoint 

Henestrosa, 

Greving, and 

Kimmerle 

Three 

preregistered 

experiments 

AI-written versus 

human-written 

science articles 

No credibility or trustworthiness 

difference (LermannHenestrosa et 

al., 2023) 

Hofeditz and 

colleagues 

Online survey, 

122 participants 

Transparency and 

explanation of AI 

use 

No credibility effect from 

explanation; institutional 

credibility and AI experience 

related to trust (Hofeditz et al., 

2021) 
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Toff and 

Simon 

US survey 

experiment with 

AI-generated 

articles 

AI label, with or 

without source 

disclosure 

AI label reduced perceived 

trustworthiness; source lists 

counteracted the penalty (Toff& 

Simon, 2024) 

Leuppert, 

Weinmann, 

and Eiden 

Experiment with 

844 German 

respondents 

AI, human, or no 

author label 

AI label lowered source 

credibility relative to human 

attribution, but not message 

credibility relative to no label 

(Leuppert et al., 2025) 

Heim and 

Chan-

Olmsted 

Structural 

equation model 

of consumer 

preferences 

AI integration in 

information 

gathering and 

writing/editing 

Lower integration was preferred, 

but trust and usage intention could 

increase when humans remained 

in charge (Heim & Chan-Olmsted, 

2023) 

So far, comparative evidence points towards a conditional and not a general trust collapse. It was 

generally expected that consumers preferred a lower integration of AI, however, with more advanced 

integration of AI technology in the production processes, where AI remains controlled by humans, 

more positive intentions to use and trust may be found (Heim & Chan-Olmsted, 2023). This is the 

question why the article has been written purely by AI; rather, readers would pay attention to the 

production process and how they feel about the verification, responsibility and institutional support of 

the article. 

 

The Disclosure Paradox: Transparency as Both Trust Resource and Trust Risk 

The disclosure balance game is between how legitimate procedures are and the immediate evaluation. 

Labels can do justice to a normative requirement of honesty and trigger an assumption that the AI-

generated text is clinical, off-target and/or poorly supervised. Disclosure, according to Toff and 

Simon's experiment, directly shows this paradox because disclosure did not decrease perceived 

accuracy or fairness, even though it did decrease trustworthiness judgments (Toff& Simon, 2024). 

Numerous numbers on the list of Disclosed Works showing the same result are not evidence of the 

undesirable nature of such disclosure. It highlights the fact that information modifies the frame of 

interpretation that is used by the reader in the evaluation of the article. 
 

How disclosure is undertaken does make a difference. The minimal label model is one that would label 

that a particular activity used AI, but not provides details about what it was doing, where it was getting 

the information from or what kind of editorial review had taken place. In contrast, rich process-level 

information in the case of an automation can be linked to named sources, human verification, and the 

responsibility for a human to correct the automation if necessary; the current available evidence, 

summarised in the literature, shows that it can reduce (mild) credibility and trust penalties (Haq, 

2025). Clear accountability and source disclosure also are supported by Dutch focus-group research. 

So, if transparency can provide some base for evaluation, then it's more defensible than merely tagging 

content as "made by a machine. 
 

There's also a “proportionality” issue. AI can help in transversing or generating headings but not make 

substantive assertions about the content of an article. Every little can using would be considered as 

independent, which would create a confusion for audiences and dilute the significance of labels. The 
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large scale opposite insertions would not be recognized as modification, if it was treated as a simple 

modification. Policies need to be differentiated according to their production phases, their explanation 

of the contribution of the system and the identification of the human decision maker. 

 

Knowledge, News Format, and Audience Context as Moderators of Trust 

The types of responses of the audience depend on knowledge, age, and previous institutional trust, 

interaction with AI, political orientations, and content format. Knowledge of automated journalism 

reveals that those with lower levels of knowledge tend to opt more for human authorship while those 

with more knowledge may evaluate automated authorship as favourably or favour more (Jang et al., 

2022). According to the same study, machine-like and human-like descriptions interact with age and 

knowledge, which in turn means is that labels get their meaning embedded in already existing mental-

models. So in addition to being a competency for newsrooms, AI literacy is a condition for audiences. 

 

Content type also is important. Comparable credibility judgments have been reached between the 

short, simple factual texts created by human and AI authorship, and the science-journalism 

experiments in particular showed that a more evaluative presentation did not affect credibility, but that 

with evaluative presentation the credibility of the human author was lower compared to the AI-

generated presentation (Lermann Henestrosa et al., 2023). These experiments do not create a 

consistent impact in media forms and stronger expectations for human interpretation may arise in 

complex explanatory, inside-out, visual, and/or emotionally rich journalism. Research should thus not 

be limited to the stimulus class “AI news”. 

 

But, there is additional context which further moderates interpretations. A six country survey finds that 

there is widespread uncertainty about how generative AI will impact news, but for those who do see an 

impact, they believe news will become less trustworthy and transparent and more up-to-date and less 

expensive to produce (Richard & Kleis, 2024). Accent, emotions and employment issues influence 

reactions to an AI presenter, as evident by the Zimbabwe case. For that reason, trust is relational – it 

concerns with the technology, the organisation, the genre, the audience's consciousness as well as the 

widely known effects on journalism. This conditionality encompasses the larger question as to whether 

AI redistributes authority but in a way that it may not necessarily take away the responsibility that 

audiences still place on the institution. 

 

Synthesis:Conditional Benefits, Persistent Risks, and the Reconfiguration of Journalistic 

Authority 

What the Qualitative, Experimental, Survey, Review, and Policy Studies Collectively Establish 

The literature has made it clear that AI is currently present in various processes within the news room, 

particularly in production and distribution, data processing and editing, ideation, and personalisation 

(Cools &Diakopoulos, 2024; Simon, 2025). Qualitative research reveals that journalists value speed 

and support, and also make use of their professional judgement when it comes to the use of 

automation. Through surveys and reviews, we can observe that there is an increase in both the usage 

and demand for AI literacy, and that often the adoption is aimed at augmenting the current practices 

(D'haeseleer et al., 2025; Sonni et al., 2024). Does it imply that audience is not rejecting news articles 

created via AI, as experiments demonstrate, but the disclosure, knowledge, source information and 

institutional reputation determines the evaluation of an AI news article. (LermannHenestrosa et al., 

2023; Toff& Simon, 2024). 
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There is also evidence showing that there are continued threats. In data-driven models, bias might be 

added in through models, lack of autonomy might occur in relation to the platform, or tasks might 

become automated and further increase supervision (Fang et al., 2024; Petruccio et al., 2025; Simon, 

2023). If there is a consensus on the concepts of human oversight and transparency, policy studies 

have highlighted that there is a lack of evidence of how and to what extent these principles are being 

put into practice in the design of policies and in editorial practice (Porlezza&Schapals, 2024; Sonia 

Parratt-Fernández et al., 2025). Results indicate "conditional use" rather than “techno-elation” or 

“condemnatory de-denial.” 

 

The Central Debate: Efficiency and Objectivity Claims Versus Autonomy,Bias,and 

Accountability Concerns 

Some audiences think that AI would make reporting more objective or unbiased as the entire process 

would be automated, and this can save reporting time by reducing the amount of work required for 

routine parts of a report, as well as providing suggestions for angles (Petridis et al., 2023; Yeste et al., 

2025). But even efficiency and „accuracy' differ, and what might seem „objective' can prove anything 

but that, such as „models,' data, „prompts' or „corporate influence'. The documented biases in LMs' 

predictions contradict the common belief that automation is flawless, without any human biases. This, 

exacerbated by the ownership of the platforms, has production tools that can be managed in ways 

outside of the bounds of journalism's public duties (Simon, 2022). 

 

Issues of authority are the central issues here, then. One of the contemporary term's definitions of 

human oversight is "informative, resourced & contestable editorial control," not a nominal stamp after 

being churned out by a machine. Implementing Accountable AI in news means building systems that 

capture their source, performing data-quality checks, creating disclosure mechanisms in proportion to 

usage, providing access to systems for correcting data and investing in institutional capability to refuse 

vendor demands. Future research efforts must be challenged to deem if these conditions result in 

lasting improvements in work quality, public trust and longevity. 

 

Research Gaps in Evidence on Generative AI and Journalism 

The Need for Longitudinal Evidence on Labor, Editorial Quality, and Trust Outcomes 

Interviews, cross-sectional surveys, small experiments, conceptual essays and documents comparisons 

are utilized. Despite the significant number of studies examining the subject found in the literature, 

most of them are merely descriptive and exploratory, while only very few studies have been found that 

attempt to examine the issue at hand in an empirical and longitudinal manner in terms of editorial 

transparency and trustworthiness of an audience (Laura Cervi et al., 2026). There is little research that 

directly compares the same individuals (journalists, organizations, audiences) across a range of stages 

on the journey to uptake. Thus, the literature does not determine whether or not over the course of time 

augmentation actually leads to professional autonomy and whether it is gradually reverted to the 

normal situation of deskilling and greater supervision. 

 

Combining the techniques of the newsroom observation, employment and task measures, content 

audits, and correction records with a repeated surveying audience should be encouraged in the future. 

They should be aware of the distinctions between AI-assisted, AI-curated and AI authored and 

understand that these are not equal. Evaluations should be done based on: contextual accuracy, 

sourcing, diversity, correction latency, labour quality and trust, how disclosure/correction and human 

verification works in practice. 
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Insufficient Integration of Organizational Adoption With Audience-Level Effects 

These consist of organisational studies on the procuring organisations or actors, as well as on the 

policy, workflows and platform dependence, and studies of audiences looking at labels, authorship-

cueing, knowledge and trust. There are few design connections from one of these levels to another. 

But what an AI label does or does not say could well have an impact on a reader depending on 

whether or not the organisation describes the sources or mentions the name of a competent editor or 

presents a credible record of corrections, and in experimentation, the label itself is often manipulated. 

Consequently, research should make inferences only in the direction of audience evaluations from 

observed production practices and not infer the institutional from isolated stimuli. 
 

Geographic, Linguistic, and Generational Gaps in the Current Evidence Base 

The evidence still is found predominantly in North America and Europe both from newsroom research 

and published guidelines (de‐Lima‐Santos et al., 2024). This indicates that the way the trust and 

adoption are manifested varies across contexts, including aspects such as corpus representation, 

language, accent, political context, and local labour conditions, which are typically different in sub-

Saharan Africa, Zimbabwe, China, etc. compared to Western settings (Gondwe, 2023; Kuai, 2025; 

Ndlovu, 2024). Some of the elements that should be covered by comparative work are smaller 

markets, minority languages, public-service systems, local outlets and resource-constrained 

organisations. Age and familiarity with the character of its output should also be accounted for 

systematically given the way audience interpret the writing itself as related to different generations of 

authors (Jang et al., 2022). 
 

Conclusion: Toward Accountable, Human-Centered Newsroom AI 

Generative AI is now integrated into the newsroom infrastructure, with its impact still dependent on 

context and variables such as the particular task, organisation, data source, platform and audience. 

Most robust evidence addresses support in routine processing, structured reporting, ideation (i.e., idea 

generation), editing and dissemination and reports risk to accuracy, representation, labour, autonomy 

and trust (Cools &Diakopoulos, 2024; Simon, 2025). However, people may react to AI journalism or 

not, depending on the circumstances, such as when disclosure is provided by source and verification 

by a human editor (LermannHenestrosa et al., 2023; Toff& Simon, 2024). 
 

From Efficiency Projects to Publicly Accountable Editorial Systems 

There's a need to rethink AI from the perspective of newsroom goals and not targets of uptake. 

Meaningful editorial authority, data-quality controls, disclosure based in each phase, transparent 

sourcing and enforceable responsibility are all required for that to happen. There needs to be 

involvement regardless from journalists and technologists to audiences of the same experiences and 

languages that are under-represented in modelling data, as well as from regulators and communities of 

the same experiences and languages (Dierickx et al., 2024; Morosoli et al., 2025). Therefore, 

protecting human judgment and re-engineering the institutional environment where human judgment 

can be exercised independently, effectively and publicly is the key to human centered AI in 

journalism. 
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